Middlesex University Research Repository
An open access repository of
Middlesex University research

http://eprints.mdx.ac.uk

Muhammad, Syed Sardar ORCID logoORCID: https://orcid.org/0000-0003-2005-7103, Dey,
Bidit L., Kamal, Muhammad M. and Syed Alwi, Sharifah Faridah (2021) Consumer engagement
with social media platforms: a study of the influence of attitudinal components on cutting edge
technology adaptation behaviour. Computers in Human Behavior, 121 , 106802. ISSN
0747-5632 [Article] (doi:10.1016/j.chb.2021.106802)
Final accepted version (with author’s formatting)
This version is available at: https://eprints.mdx.ac.uk/32914/

Copyright:
Middlesex University Research Repository makes the University’s research available electronically.
Copyright and moral rights to this work are retained by the author and/or other copyright owners
unless otherwise stated. The work is supplied on the understanding that any use for commercial gain
is strictly forbidden. A copy may be downloaded for personal, non-commercial, research or study
without prior permission and without charge.
Works, including theses and research projects, may not be reproduced in any format or medium, or
extensive quotations taken from them, or their content changed in any way, without first obtaining
permission in writing from the copyright holder(s). They may not be sold or exploited commercially in
any format or medium without the prior written permission of the copyright holder(s).
Full bibliographic details must be given when referring to, or quoting from full items including the
author’s name, the title of the work, publication details where relevant (place, publisher, date), pagination, and for theses or dissertations the awarding institution, the degree type awarded, and the
date of the award.
If you believe that any material held in the repository infringes copyright law, please contact the
Repository Team at Middlesex University via the following email address:
eprints@mdx.ac.uk
The item will be removed from the repository while any claim is being investigated.
See also repository copyright: re-use policy: http://eprints.mdx.ac.uk/policies.html#copy

Consumer Engagement with Social Media Platforms: A Study of the Influence
of Attitudinal Components on Cutting Edge Technology Adaptation Behaviour
Abstract

Despite pervasive use of digital devices, the influence of simultaneous and combined
attitudinal components on consumers’ social media adaptation behaviours remains
understudied. This research aims to address this gap in the literature by examining the
influence of combined attitudinal components on consumers’ continuous interaction with social
media platforms. An online survey was conducted to obtain robust quantitative data on
consumers’ interaction and engagement with cutting edge technology such as social media.
The findings indicate that consumers’ combined cognitive (perceived opportunity, perceived
social influence and perceived control) and affective (enjoyment, self-enhancement, trust and
fear) attitudinal components are the antecedents to consumers’ positive and negative
adaptation behaviours of social media platforms. Consumers continuously engage with cutting
edge social media platforms, either in positive adaptation behaviour (exploration to maximise
or exploitation to satisfice social media led benefits) or negative adaptation behaviour (explore
to revert from or avoid social media platforms) influenced by combined cognitive and affective
attitudinal attributes. The study enriches and advances existing literature by identifying and
analysing the influence of both cognitive and affective attitudinal attributes influencing
consumers’ positive and negative adaptation behaviours of cutting edge digital technology
such as social media platforms. The study helps marketers and IS managers in profiling
consumers and understanding consumption patterns while interacting with cutting edge social
medial platforms.
Key Words: Cognitive and Affective Attitude, Adaptation Behaviour, Social Media Platforms
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1. Introduction
The emergence of digitalisation has initiated a new era of innovation, use and adaptation of
technology (Agarwal et al., 2017), as technological advancements such as artificial
intelligence and social media have significantly transformed human lives (Marakhimov & Joo,
2017; Shadbolt & Hampson, 2018). It is increasingly challenging for users to avoid interacting
with innovative technologies (Kuchler, 2017; Shadbolt & Hampson, 2018) due to the creation
of innumerable cutting-edge technological touchpoints (Sharma, 2017; Roberts, 2018). These
touchpoints enhance connectivity and flexibility, enabling users to adapt and subsequently
integrate these cutting-edge platforms into their daily lives (Dey, Yen & Samuel, 2020). It is
estimated that approximately 2.77 billion people have adopted social media worldwide and
this number is expected to exceed three billion by 2021 (Clement, 2019). However,
consumers vary in terms of their decision to use, adapt and abstain from new cutting-edge
technologies, as suggested in existing literature (Hua, Chen, & Luo, 2018; Choi & Lim, 2016;
Weisskirch & Delevi, 2011). As such, consumers’ adaptation behaviour towards cutting-edge
digital devices and applications can provide useful insights for market segmentation,
improvement of product/service quality and new product development.
The use and adaptation of these cutting-edge platforms have gained significant currency in
marketing (Gibreel et al., 2018; Akter & Nweke, 2016; Dey et al., 2013) and information
systems (Kashefi et al., 2018; Roy, Datta, & Basu, 2017) scholarship. Akpan, Soopramanien,
& Kwak, (2020) highlight cutting edge technologies as advanced technologies such as social
media platforms, social business intelligence, machine learning etc. that has value creation
capability. The study of technology use over the years has gone far beyond technology
adoption (Gaudioso, Turel, & Galimberti, 2017; Tarafdar, Cooper, & Stich, 2019; Bala &
Venkatesh, 2016). It is the subsequent interactions and adaptations of the cutting-edge
technologies such as social media that have drawn more research interest in recent times
(Muhammad, Dey, & Weerakkody, 2018; Dey et al., 2016). Whilst the adaptation literature
mostly resorts to qualitative enquiries (Wanchai, Andrade & Techatassanasoontorn, 2019;
Dey, Newman & Prendergast, 2011; Carroll et al., 2003; Orlikowski & Baroudi, 1991), recent
work by Bala & Venkatesh (2016) makes a significant advancement for quantitative analysis
by operationalising adaptation components. Drawing on the seminal article of Beaudry &
Pinsonneault (2005), Bala & Venkatesh (2016) linked the attitudinal components with
consumer coping strategies. The model was subsequently applied in Information Systems
literature (Fugate, Kinicki, & Prussia, 2008; Sykes & Venkatesh, 2017; Sykes, Venkatesh, &
Johnson, 2014). However, there is a lack of clarity in relation to consumers’ adaptation and
subsequent interactions with cutting edge social media platforms.
Similarly, individuals’ attitude is more relevant in this dynamic world of digitalisation, mobile
and social media applications (Agarwal et al., 2017). But prior technology adaptation models
have paid scant attention to simultaneous and combined effects of attitudinal components
(cognitive and affective). Consumers’ attitude toward and engagement with technology leads
to adoption and adaptation of its functions and utilities (Dey et al., 2013). Attitude is defined
as overall judgements of an object (Fazio, 1986). Thurstone and Chave (1929) highlighted it
as an evaluative or affective response to a particular phenomenon. As such the two
components of attitude: cognition and affect became acceptable in subsequent scholarship
(Zajonc & Markus, 1982). In more recent time, Chiu (2002) argued that attitude consists of
affect, cognition and connation (behaviour): the three responses to an object (Chiu, 2002).
Recognising connation (behaviour) as an attitudinal component, this paper seeks to analyse
the simultaneous and combined effect of cognitive and affective components on adaptation
behaviour. Whilst, analysis of combined attitudinal components (cognitive and affective) on
behaviour is observed in existing literature (Alwi & Kitchen, 2014; Park & Kim, 2014; Diffley et
al., 2011).), there is paucity of scholarly works on their impact on technology adaptation
behaviour, which is important for studying consumers’ continuous interaction with technology.
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Prior models, by contrast, have focused solely on either cognition or affect. Furthermore, as
the original model of Bala & Venkatesh (2016) encapsulates organisational dynamics, its
application for consumers’ use of technologies remains unexplored. The model puts much
emphasis on cognitive appraisal which is relevant to the context of technology adaptation in
organisations. However, for consumer adaptation of cutting edge technology, simultaneous
influence of affective components would provide a more holistic and robust understanding. As
such, this paper addresses this understudied area by juxtaposing both cognitive and affective
components of attitude in predicting consumer adaptation behaviour.
This paper addresses the aforementioned research gap by achieving the following objectives:
1) to examine the influence of consumers’ combined attitudinal components on adaptation
behaviour on cutting edge social media platforms; 2) to examine adaptation behaviours that
consumers undertake to engage with social media platforms; 3) to develop and validate a
framework that explains consumers’ combined attitudinal components adaptation behaviour
on the cutting edge social media platforms. The following section presents a critical review of
current literature and develops relevant hypotheses. Subsequently, the paper presents and
analyses the findings and draws conclusions by delving into theoretical and practical
implications.
2. Literature review
2.1 Theoretical background
In addition to the long-drawn technology adoption literature (Davies et al., 1989; Venkatesh et
al., 2003; Venkatesh, Thong & Xu, 2012), a parallel stream of research has evolved analysing
post-adoption use and adaptation. For instance, the Coping Model of User Adaptation
(CMUA), developed by Beaudry & Pinsonneault (2005), highlighted the essence of user-end
adaptation and inspired quantitative analysis to ascertain nomological interrelationships
amongst constructions of adaptation (Bala & Venkatesh, 2016; Sun, 2012). They treated
adaptation as post-adoption actions and/or processes. However, they fell short of capturing
the integrative dimension to discover collective adaptation practice. Issues such as technostress (Tarafdar, Cooper, & Stich, 2019; Gaudioso, Turel, & Galimberti, 2017), consumer
resilience (Hua, Chen, & Luo, 2018) and technology appropriation (Dey, et al. 2018) have
received increased research attention in the last decade. Simultaneously, a fairly strong
research stream within IS has developed in the last two decades that seeks to assess the
impact of consumers’ interaction and engagement with technology (Walsham, 2010; Carroll
et al., 2003). Both technology adoption and adaptation models mostly focus on the changes
in users’ beliefs, attitude, knowledge and skills towards a technology. Attitudinal components
have been identified as significant antecedents to adoption and adaptation decisions.
However, there is a lack of scholarly works on the combined effects of cognitive and affective
attitudinal components on technology adaptation, as suggested in relevant and contemporary
scholarship (Dwivedi et al., 2019; Rana et al., 2017).
Nevertheless, semantic and conceptual debates surrounding technology use and adaptation
are far from over (Du et al., 2019; Fadel, 2012; Kashefi et al., 2012). Two of the leading
scholars championing various forms of technology adoption models, such as the UTAUT,
UTAUT2 and the Multi-Level Framework (Venkatesh et al., 2003, Venkatesh, Thong & Xu,
2012, 2016) recently coined a new model of Adaptation to Information Technology (Bala &
Venkatesh, 2016). In that particular model, performance expectancy and perceived usefulness
have been classified as perceived opportunity. Other researchers make a similar argument
that individuals develop their beliefs and understanding of different aspects of technology that
are critical to functionality, which they perceive to be novel, to provide compatibility and tasktechnology fit and to improve their performance. Therefore, they would perceive technology
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as an opportunity (Daowd et al. 2020; Venkatesh et al., 2003; Dishaw & Strong 1999; Agarwal
& Prasad, 1999).
Similarly, individuals’ adaptation of technology is based on their evaluation of the level of
control they have over that technology (Beaudry & Pinsonneault, 2005). Consumers engage
more with technology when they are given control over it (Tucker, 2014). Bala & Venkatesh
(2016) argue that perceived control has conceptual similarities with the technology adoption
literature. It has similar dimensions to perceived behaviour control in TPB and facilitating
conditions in UTAUT. Individuals’ level of competence and ability to leverage resources
determine their technology adaptation behaviour. Thus, they react positively when
technological platforms give them control. Equally, social influence, in adaptation literature, is
described to affect technology adaptation behaviour, as it has an impact on individuals’
primary appraisal of a technological disruption (Beaudry & Pinsonneault, 2005). Venkatesh et
al, (2003) describes that social factors, subjective norms and social image are related terms
and combines them into social influence. This concept also constitutes social interaction,
social ties and social support (Trivedi et al., 2018; Grace, Ross & Shao, 2015; Bharati, Zhang
& Chaudhury, 2014). In addition, enjoyment is an intrinsic hedonic motivation that encourages
individuals to engage with technology (Nov, Naaman & Ye, 2010; Lin, Gregor & Ewing, 2008):
constituting fun and pleasure to enhance technology interaction (Hwang & Choi, 2020; Chiang,
2013), it constitutes pleasure and flow (Zolkepli & Kamarulzaman, 2015; Hsu & Wu, 2011).
Similarly, self-enhancement affects adaptation behaviour, as it increases individuals’ selfesteem, due to which they overwhelmingly update and present their self-focused status online,
and share information regarding themselves that they feel would enhance their status and
image to attract attention from others (Hennig-Thurau et al., 2004). It also accounts for selffulfilling dimensions of self-esteem and self-status (Kim & Kim, 2019; Ali & Lee, 2010; Sas et
al., 2009). Accordingly, individuals’ fear has a huge impact on the post adoption (Jia, Guo &
Barnes, 2017; Rezvani, Khosravi & Dong. 2017) and adaptation of technology (Bala &
Venkatesh, 2016; Akar & Topçu, 2011). Individuals make emotional appraisals when coping
with technological threats, as it comprises their feeling of threat, susceptibility to a malicious
technology or the sense that technology harms their well-being (Liang & Xue, 2009). Similarly,
trust is an important factor which reflects predictability in post-adoption use of technology. It
constitutes behavioural beliefs about technological attributes determining predictability and is
also conceptualised as a propensity to depend on technology, protection and confidence in
technology (Cheung, Lee & Chan, 2015; Terres, dos Santos & Basso, 2015).
3. Research model and hypothesis development
3.1 Hypothesis development
In consumer studies and IS literature, attitude has been identified as a strong antecedent to
behavioural intention in general, which also leads to specific behaviour such as technological
adaptation. It is also understood that attitude is an outcome of belief. Nevertheless,
psychologists widely argue that the emotional or affective parts of attitude also play significant
roles in this process. As such, a number of affective components such as enjoyment, selfenhancement, fear and trust (Kim, 2020; Chen, Lu, Chau, & Gupta, 2014; Hau & Kim, 2011;
Nov, Naaman & Ye, 2010) have been identified and discussed as constituents of affective
components of attitude. Thereby, it is essential to consider these affective attitudinal
components along with the cognitive components, which are identified as an evaluative
response to the attitude object (positive or negative evaluation of the performing behaviour).
In relation to the core conceptual underpinning of this study, the influence of affective
attitudinal components cannot be underemphasised due to the myriad emotional attributes
that have been discussed in consumer studies (Nov, Naaman & Ye, 2010; Park & Kim, 2014).
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This study develops the following conceptual framework (Figure 1) and hypotheses with the
cognitive and affective attitudinal components as antecedents to social media adaptation. The
model is parsimonious towards the antecedents and posits that Perceived Opportunity (PO),
Perceived Social Influence (PSI) and Perceived Control (PC) are the cognitive utilitarian
attitudinal components and Enjoyment, Self-enhancement, Fear and Trust are the affective
attitudinal components. This study suggests that consumers have positive adaptation
behaviour towards social media features on cutting edge social media platforms to explore or
exploit technological benefits or negative adaptation behaviour to revert from social media or
avoid them altogether. Appendix A (Table 5) provides the details about consumers’ adaptation
behaviours, source and their contributions to hypotheses. This study, unlike CMUA, postulates
that social media disruption bring about changes in consumers’ adaptation behaviours based
on the simultaneous and combined attitudinal attributes. They have not only cognitive
appraisals but strong emotional attachments with these cutting edge platforms.
Perceived
Opportunity

H1

Perceived
Social Influence

H2

EMSMB

H3
Enjoyment

PADAPT

ESSMB

NADAPT

ER

H5
Self-Enhancement
H6
Perceived
Control

H4

Fear

H7

Trust

H8

ASM

Figure 1. Conceptual Framework

3.1.1 Cognitive attitude
Eagly & Chaiken (1993) argue that attitudinal cognitive components exist when individuals
process information about an object, which forms into beliefs. Similarly, this study postulates
that PO, PSI and PC are the cognitive beliefs that determine consumers’ cognitive utilitarian
attitude towards social media adaptation. Appendix A (Table 6) provides details about the
cognitive attitudinal components, their source and their contributions to hypotheses.
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3.1.1.1 Perceived opportunity (PO)
Perceived opportunity is consumers’ cognitive belief that technology offers them ease of use
and usefulness, improves their performance and has a relative advantage (Bala & Venkatesh,
2016; Venkatesh et al., 2003; Zhang, Gupta & Zhao, 2014). Consumers develop a holistic
assessment of the opportunities offered by social media which enhance their performance
reduce the effort they need to make (Venkatesh et al., 2003). These are the cognitive
functional elements of perceived usefulness, enhanced performance; perceived ease of use
and freedom from effort; and having a relative advantage, such that social media is perceived
to be better than its precursor (Zolkepli & Kamarulzaman, 2015; Chiang, 2013; Wang, Yu, &
Wei, 2012; Zhang, Gupta & Zhao, 2014). This study postulates that PO embodies performance
and effort expectancy along with the theme of utility for social media. Consumers with high
personal innovativeness would tend to perceive social media as an opportunity to improve
their effectiveness and a strong fit with what they want to accomplish. Consumers develop
their assessment of social media features and functional characteristics that they perceive as
useful and novel. Thus, the following hypothesis is formulated to suggest that consumers
would perceive social media as an opportunity for its functional attributes of performance,
relative advantage and ease of use (Table 2) and that they would tend to engage in positive
adaptation behaviour (Exploration to Maximise Social Media Benefits ‘EMSMB’ and
exploitation to Satisfice Social Media Benefits ‘ESSMB’).
H1– Perceived opportunity has a positive effect on positive adaptation behaviour.
3.1.1.2 Perceived social influence (PSI)
Social influence is consumers’ perceived social pressure, which denotes their cognitive
psychological goals to develop and maintain social relations with others on social media
platforms. Such perceived social pressure drives social interaction (desire to connect,
collaborate and communicate), and establishes social ties (with friends, colleagues, family
etc.: Hau & Kim, 2010) and social support (social exchange to help and share information with
others: Ali, 2011). PSI is the desire to communicate, interact with others and build
relationships. Social media is perceived by consumers to enhance social interaction, connect
them anywhere and complement their offline relationships. Consumers are led by
psychological goals to develop social relations to gratify their socialisation needs that affect
their technology adaptation behaviour (Talukder & Quazi, 2011; Venkatesh et al., 2003).
Consumers’ attitude is positively associated with social strengths determined by social
influence. Hence, this study predicts the following hypothesis to suggest that PSI is
consumers’ perceived cognitive social pressure for social interaction, social ties and social
support (Table 2), which gives them psychological pressure to engage in positive social media
adaptation behaviour and explore to maximise or satisfice social media benefits.
H2– Perceived social influence has a positive effect on positive adaptation behaviour.
3.1.1.3 Perceived control (PC)
Perceived control builds consumers’ cognitive belief of confidence and they tend to evaluate
social media platforms positively if they have more control over these platforms (Cheung, Lee,
& Chan, 2015; Krasnova et al., 2010). They evaluate social media and subsequently interact
with these cutting edge platforms due to their personal relevance and importance. This study
suggests the following hypothesis: that perceived control is consumers’ cognitive attitude and
enhances their positive attitude to engage in positive social media adaptation behaviour
(exploration to maximise or exploit to satisfice social media benefits). They are likely to
maximise or satisfice social media benefits if they perceive that social media gives them a
6

strong locus of control, which is their personal belief, autonomy and information control (Table
2). They would tend to engage in positive social media adaptation behaviour with exploration
to maximise and exploitation to satisfice social media behaviours.
H3– Perceived control has a positive effect on positive adaptation behaviour.
In addition, perceived control has conceptual similarities with the technology adoption
literature (Bala & Venkatesh, 2016). Technology users would explore to revert from a
technology if they perceive that they have little control over it. They would tend to minimise
the negative consequences of the technological disruption (Beaudry & Pinsonneault, 2005).
Furthermore, individuals would tend to avoid technology altogether if they have no control over
it (Beaudry & Pinsonneault, 2005). They would resort to self-preservation adaptation efforts to
eliminate the psychological distress caused by the technological disruption and completely
abandon technology (Liang & Xue, 2009). Thus, this study postulates the following hypothesis
to suggest that consumers would engage in negative adaptation behaviour and would tend to
either revert from social media or avoid social media altogether if they perceive a lack control
on social media platforms.
H4– Perceived control has a negative effect on negative adaptation behaviour.
3.1.2 Affective attitude
Affective attitudinal components are emotional experiences or preferences, composed of
affective components such as enjoyment, delight and fear (Kwon & Vogt, 2010). Positive
emotions such as enjoyment, pleasure and self-enhancement arise from positive social media
experiences, which make consumers’ attitudes towards the social media more favourable.
Negative emotions such as fear arise from negative social media experiences, which make
consumers’ attitudes towards the social media less favourable. Appendix A (Table 7) provides
details about the affective attitudinal components, their sources and their contributions to the
hypotheses.

3.1.2.1 Enjoyment
Consumers are driven by their hedonic intrinsic sensory elements of pleasure, enjoyment and
flow, with emotional self-focused dimensions originating from self-interest driving their attitude
(Hau & Kim, 2010). Enjoyment is pleasure or fun while interacting with social media (Zolkepli
& Kamarulzaman, 2015). Consumers immerse themselves in social media platforms that give
them enjoyment, with a significant impact on their behaviour (Huang, 2012). Thus, this study
formulates the following hypothesis to suggest that enjoyment comprises consumers’ intrinsic
emotional factors driving their intrinsic emotional pleasure, which satisfies their hedonic needs
for enjoyment, encouraging them to engage in positive adaptation behaviours on the cutting
edge social media platforms.
H5– Enjoyment has a positive effect on positive adaptation behaviour.
3.1.2.2 Self-enhancement (SE)
Self-enhancement is consumers’ positive feelings about themselves. Self-status, self-image
and self-esteem are their self-fulfilling hedonic needs of self-enhancement to portray the
desired impression on social media platforms (Hepper et al., 2011; Sedikides & Gregg, 2008).
In order to attract attention, their self-fulfilling emotions would enhance their self-status and
image, and they would overwhelmingly engage with social media platforms (Ali & Lee, 2010;
Krasnova et al., 2010). Emotional attachments are good predictors of interaction with social
7

media. Positive words from users affect other users’ emotional state (Chen, Hsieh, Mahmud,
& Nichols, 2014; Schroeder, 2014). High self-enhancement of consumers would enhance their
self-esteem and they would tend to overwhelmingly present their status on social media
platforms and share information (Hennig-Thurau et al., 2004). Therefore, this study proposes
the following hypothesis to suggest that consumers’ self-enhancement goal of self-esteem to
use social media is likely to lead to positive adaptation behaviour that includes exploration to
maximise and exploitation to satisfice social media led benefits.
H6– Self-enhancement has a positive effect on positive adaptation behaviour.
3.1.2.3 Fear
Individuals would avoid technology altogether if they assess a technological disruption as a
threat (Bala & Venkatesh, 2016). Social media providers accumulate and share consumers’
information. Thus, fear and susceptibility to malicious social media disruptions (with harm to
their well-being), abuse or unauthorised access to their personal information may cause fear
and anxiety (Karyda et al., 2009) amongst consumers. Fear negatively affects people’s online
buying (Ghosh, Varshney & Venugopal, 2014; Lee, Park & Kim, 2013). Similarly, this study
formulates the following hypothesis to suggest that fear of social media platforms tend to drive
negative social media experiences, such that consumers would feel threatened and they
would engage in negative adaptation behaviours and explore ways to revert from social media
platforms or avoid them. Consumers reveal personal information on social media, which may
lead to their fear of privacy and security risks (Cheung, Lee, & Chan, 2015; Tan et al., 2012).
They would feel that their well-being is at risk and they would tend to avoid social media
altogether. Therefore, it would be reasonable to hypothesise that such risks would cause
emotional distress in consumers and consumers would tend to engage in negative behavioural
efforts (ER or ASM). The following hypothesis is formulated.
H7– Fear has a positive effect on negative adaptation behaviour.
3.1.2.4 Trust
Trust is consumers’ feelings of uncertainty and protection on social media platforms.
Consumers’ attitude towards social media platforms and sharing of information depends on
the integrity and reliability of these platforms (Szmigin, 2018). This refers to how consumers
feel about the reliability, credibility and integrity of social media platforms, lack of which may
make them emotionally sensitive to their privacy and security (Cheung, Lee, & Chan, 2015;
Krasnova et al., 2010). It is their feeling of trustworthiness in the reliability of social media
providers. Similarly, this study suggests that trust is consumers’ affective attitudinal attribute
rather than a rational paradigm because they may not be aware of every aspect of social
media platforms. Therefore, their trustworthiness in social media platforms does not undergo
a careful and methodical thought process on these cutting edge platforms; rather, it is more
affect-based, comprising their emotions, feelings and instincts. They rely on affective signals
from other social media users, such that these emotional connections enhance their trust in
social media platforms beyond beliefs and awareness of social media features. Thus, this
study formulates the following hypotheses to suggest that consumers would not engage in
negative adaptation behaviours (neither tend to avoid nor engage in exploration to revert from
social media platforms) when they feel that social media platforms are trustworthy.
H8– Trust has a negative effect on negative adaptation behaviour.
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4. Research methodology
To empirically validate the framework, following the guidelines provided by Krejcie & Morgan
(1970) and Saunders, Lewis & Thornhill, (2015), a random survey questionnaire using
quantitative data was chosen (as also illustrated in Figure 2). The survey questionnaire is
considered to be an appropriate confirmatory means to measure consumers’ attitude and
adaptation behaviours (Brace, 2018). The survey was carried out in three steps: a pre-pilot
test, a pilot test and a main survey. The target population was social media consumers, as
social media platforms are a rich source of insight for practitioners and marketers (Henderson
and Bowley, 2010). For a theoretically sound conceptualization, scale development and a valid
measurement scale, the paper consulted Anderson and Gerbing (1988). Consistent with the
scaling literature, multiple items were developed for each dimension. The domain of constructs
were defined and items were generated for the instruments and scales were adapted from
earlier studies so that items measuring the constructs are adapted appropriately for the
reliability and validity purposes. Instruments and scales from previous studies are adapted to
match the context of this research. Furthermore, hypotheses are developed based on cause
and effect relationship in the model. Appendix B (Table 8) provides details of the literature
used to scale each dimension. The experience survey was used to ask an expert panel
(academics and PhD students having expertise in the area) how far each item represented
the domain of the constructs using a three-point Likert scale (1 = clearly representative, 2 =
somewhat representative, and 3 = not at all representative) (Zaichkowsky, 1985). Pre-tests
followed to reach the final survey. Finally, to identify any remaining inconsistencies, a pilot
study was conducted among 40 social media consumers. These respondents suggested no
further improvements. As a result of the final survey, a total of 733 responses were achieved,
which was sufficient for the purpose of this study. Finally, Confirmatory Factor Analysis (CFA)
and a full structural model to assess nomological validity were carried out.
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Figure 2: Research Design
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5. Data analysis and results
The respondents’ profiles revealed that around 99.05% of respondents were social media
consumers. The main social media platforms used by consumers were Facebook, Instagram,
WhatsApp, YouTube, Twitter, and LinkedIn, amongst others, and their main engagements
with social media were shopping-related.
5.1 Step 1: Measurement model

Data analysis was carried out in two steps by using SEM as suggested by Anderson &
Gerbing, (1988). In the first step, factor loading was carried out, followed by reliability and
validity measurement through confirmatory factor analysis (CFA) of the latent constructs for
the measurement model. In the second stage, a Structural Equation Modelling process was
undertaken to test for hypothesised connections amongst the latent constructs of the model.
In order to validate the scale, structural equation modelling (SEM) was implemented using
AMOS 25 and the default method-maximum likelihood. A Two-Step approach tested the
measurement model’s validity and reliability, and nomological validity (the full structural model
in Step 2). Upon validation confirmation, the study tested nomological validity.
The adaptation behaviours of positive adaptation behaviour and negative adaptation
behaviour were determined using three cognitive (PO, PSI and PC) and four affective
(enjoyment, self-enhancement, fear and trust) attitudinal attributes. In particular, the
subsequent engagement was expected from the a priori theoretical structure. A thorough
investigation of the construct validity was undertaken. This is important as it deals with
validation of the scale (Bagozzi & Heatherton, 1994; Hair, Anderson & Babin, 2018). Table 1
shows the structural relationships (or factor loadings) covaried from one dimension to another
when they were tested in first order CFA.
Table 1. CFA factor loadings
EMSMB1
EMSMB2
EMSMB3
EMSMB4
ESSMB1
ESSMB2
ESSMB3
ESSMB4
ER1
ER2
ER3
ER4
ASM1
ASM2
ASM3
ASM4
PO1
PO2
PO3
PO4
PSI1
PSI2
PSI3
PSI4
PC1
PC2
PC3
PC4
Enj1

Factor
1
.865
.796
.904
.894

2

3

4

5

6

7

8

.874
.868
.854
.896
.847
.819
.926
.921
.847
.862
.906
.906
.918
.858
.960
.875
.908
.877
.870
.898
.857
.871
.883
.907
.901
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9

10

11

Eng2
Enj3
Enj4
SE1
SE2
SE3
SE4
Fear1
Fear2
Fear3
Fear4
Trust1
Trust2
Trust3
Trust4

.878
.880
.895
.777
.849
.957
.969
.785
.885
.868
.943
.766
.749
.872
.893

The construct reliability tests using both composite reliability and Cronbach’s alpha all scored
above the recommended level. The correlation among the constructs was also acceptably low,
ranging from .02 to .56 and AVE = > .50 (Fornell & Larcker, 1981: see Table 2).

Table 2. Validity measures
CR

AVE

MSV

MaxR(H)

Fear

EMSMB

ESSMB

ER

ASM

PO

PSI

PC

Enj

SE

Fear

0.929

0.766

0.236

0.941

0.875

EMSMB

0.917

0.736

0.153

0.928

-0.222

0.858

ESSMB

0.916

0.734

0.153

0.937

-0.207

0.391

0.857

ER

0.926

0.759

0.178

0.954

0.422

-0.070

-0.145

ASM

0.933

0.776

0.236

0.935

0.486

-0.194

-0.195

0.408

0.881

PO

0.946

0.816

0.022

0.958

-0.120

0.149

0.106

-0.104

-0.059

0.903

PSI

0.932

0.774

0.061

0.937

-0.119

0.246

0.169

-0.030

-0.139

0.009

0.880

PC

0.931

0.771

0.028

0.931

-0.085

0.168

0.116

0.043

0.010

0.011

0.023

0.878

Enj

0.937

0.789

0.013

0.938

0.018

0.115

0.005

-0.004

-0.060

0.015

0.096

0.005

0.888

SE

0.937

0.789

0.135

0.957

-0.280

0.367

0.316

-0.175

-0.161

0.082

0.074

0.099

-0.077

0.888

Trust

0.893

0.678

0.074

0.911

-0.272

0.204

0.164

-0.160

-0.252

0.002

0.006

0.141

-0.003

0.151

0.871

Note: All parameters were significant at p < .000

Discriminant validity was performed by comparing all the AVE estimates with the square
pairwise correlation between the factors and the examination of cross-loadings among the
measured variables and error terms (Hair, Anderson & Babin, 2018). Additionally, discriminant
validity was confirmed for all of the latent constructs, since the square root of each construct’s
AVE was greater than the bivariate correlation (see Table 2). Cross-loadings between both
measured and error terms also did not suffer from substantial cross-loadings; standardized
residuals were all < 2.58 (Byrne, 2016). Convergent validity was supported, with all parameter
estimates > .5 (Kline, 1998). Table 2 shows details of each CFA individual item’s convergent
validity and all items were statistically significant at p < .000 (Anderson & Gerbing, 1988).
A second order approach was conducted (Byrne 2010) on both outcome variables in order to
establish which dimensions represent both positive and negative adaptation behaviours. This
was also guided by a priori theory for example both EMSMB and ESSMB were reflected of
positive adaptation (Bala & Venkatesh, 2016; Kashefi et al., 2018) and both ASM and ER were
explained through negative adaptation (Bala & Venkatesh, 2016). Misfits in the models
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Trust

0.824

involving items that were cross-loaded on more than one dimension were relaxed one at a
time as suggested by Long (1983). Besides relaxing parameters, removing or adding
parameters from one dimension to another, where there was high cross-loading, was also
performed based on theoretical, statistical and practical considerations (Bagozzi &
Heatherton, 1994). The final results indicate two dimensions representing Positive Adaptation
Behaviors: (1) Exploration to Maximise Social Media Benefits and (2) Exploitation to Satisfice
Social Media Benefits. Negative Adaptation Behaviour, on the other hand, is also represented
by two dimensions: (1) Exploration to Revert and (2) Avoidance of Social Media. Both models
achieve good statistics, viz first order: (² = 137.108; p < .000; ²/df = 1.987; GFI = .97; IFI =
.99; TLI = .98; CFI = .99; and RMSEA = .038). Goodness-of-fit statistics show that both first
and second order model (² = 139.152; p < .000; ²/df = 1.988; GFI = .97; IFI = .99; TLI = .98;
CFI = .99; and RMSEA = .038) respectively fit the data well.
The results of both first and second order models were compared, both performed similarly
where the second-order model produced near identical results to the first-order model, hence
both models are acceptable for further analysis (Alwi & Kitchen 2014; Wolfinbarger & Gilly,
2003). After all steps are taken to ensure validation process, decision for further analysis was
taken on selecting second order over the first. This is based on: (1) the a priori status of both
scales theoretically; (2) statistically construct validity, which is when models are acceptable,
both could be used for further analysis and (3) second order would allow a stronger statement
(Hair et al., 2010). Finally, all items that represent the nine constructs were then tested in stepone measurement model. The full measurement model fits the data well (² = 1564.779; p <
.000; ²/df = 2.014; GFI = .90; IFI = .97; TLI = .97; CFI = .97; and RMSEA = .038).
5.2 Step 2: The full structural model – nomological validity
The concern in the step-two approach was to test the study's theoretical models as well as the
objectives and hypotheses. The step-two model indicates an acceptable fit (χ2= 1598.006, p
< .000; χ2/df = 2.038; GFI = 0.89; IFI = 0.96; TLI = 0.96; CFI = 0.97; RMSEA = 0.03), with
deletion of two items. Convergent validity was supported with all parameter estimates >.5,
(Kline, 1998), and all items were statistically significant at p = .000 (Anderson & Gerbing,
1988). Constructs reliability was tested using both composite and Cronbach’s alpha and they
were all above the recommended level, as shown in Table 3. The correlation (covariance)
among the constructs is also acceptably low ranging from .01 to .55, and AVE =>.5 (Fornell &
Larcker, 1981) (see Table 3). A further test to ensure the adequacy of discriminant validity was
performed by comparing all the AVE estimates with the square pairwise correlation between
factors and cross-loadings examinations among the measured variables and error terms (Hair
et al., 2010). The results show that discriminant validity is confirmed for all latent constructs
since the square root of each construct's AVE's are all greater than the bivariate correlations.
Cross loadings between both measured and error terms also do not suffer from a substantial
cross loadings with standardised residuals all <.258 (Garver & Mentzer, 1999; Steenkamp &
van Trijp, 1991). Thus, the assessment results support the adequacy of discriminant validity
of the measurement model.
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Table 3. Composite Reliability, Cronbach’s alpha and AVE
CR

Cronbach’s alpha

AVE

EMSMB

0.92

0.92

0.74

ESSMB
NADAPT

0.91

0.93

0.73

ER

0.93

0.93

0.75

ASM
Cognitive

0.94

0.93

0.77

PO

0.95

0.94

0.81

PSI

0.93

0.93

0.77

PC
Affective

0.93

0.93

0.77

Enj

0.94

0.93

0.78

SE

0.94

0.93

0.78

Fear

0.92

0.92

0.76

Trust

0.90

0.90

0.68

Constructs
PADAPT

All hypotheses were tested and they demonstrated significant positive effects (H1– H8). Both
cognitive and affective attitudinal attributes were statistically significant explaining the positive
adaptation and negative adaptation behaviours. Table 4 summarises the hypotheses results
and parameter estimates. Thus, in step 2, the nomological validity of the scales was tested
with the positive and negative adaptation behaviours and their determinants. Theoretically, a
positive association was likely between social media adaptation behaviours and their
determinants. The nomological validity results showed that PO (p < .001), PSI (p < .000), PC
(p < .002 and p < .013), and SE (p < .000) had a significant positive effect on positive
adaptation behaviour. Similarly, the results show that fear (p < .000) has a significant effect
on negative adaptation behaviour. On the other hand, trust has a positive effect on negative
adaptation behaviour (p < .001).
The results of this study indicate that attitude plays a central and significant role in consumers’
engagement of social media adaptation behaviours. The framework was developed with 8
causal relationships (Figure 1), as shown in Table 4. The results show that consumers’
cognitive beliefs of perceived opportunity, perceived social influence and perceived control are
the constituents of cognitive utilitarian attitude. As shown in Table 4, H1, H2 and H3 are
supported (perceived opportunity, perceived social influence and perceived control have a
significant direct effect on positive adaptation behaviour). Likewise, Perceived control has a
significant direct effect on negative adaptation behaviour. Therefore, H4 is supported as
shown in Table 4. The results also indicate that consumers’ attitude consists of the affective
components of enjoyment, self-enhancement, trust and fear. The affective components have
significant effects on consumers’ subsequent interactions with social media platforms. As
shown in Table 4, H5 and H6 are supported (enjoyment, self-enhancement have direct
significant effect on positive adaptation behaviour). On the other hand, the empirical results
indicate that affective components in the form of fear and trust have direct significant effect on
negative adaptation behaviour. H7 and H8 are supported as shown in Table 4.
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Table 4. Summary of Hypothesis Testing
No
H1
H2
H3
H4
H5
H6
H7
H8

Hypothesis
PO
PSI
PC
PC
Enj
SE
Fear
Trust










PADAPT
PADAPT
PADAPT
NADAPT
PADAPT
PADAPT
NADAPT
NADAPT

Estimate

P Value

.078
.139
.070
.073
.068
.315
.497
-.149

.001
***
.002
.013
.005
***
***
.001

Hypothesis
Result
Supported
Supported
Supported
Supported
Supported
Supported
Supported
Supported

6. Discussion
From the proposed hypotheses, it can be seen that consumers’ positive and negative
adaptation behaviours with regard to social media use are driven by both cognitive and
affective attitudinal components. Combining both attitudinal components provide a much
deeper and comprehensive understanding of consumers’ attitudes in a particular context as
alluded in existing literature (Haddock & Maio, 2019; Alwi & Kitchen, 2014). Unlike CMUA and
UTAUT, the results of this study show that cognitive (perceived opportunity, perceived social
influence and perceived control) and affective (enjoyment, self-enhancement, fear and trust)
attitudinal components are the antecedents of positive and negative adaptation behaviours.
Cognitive and affective components (positive or negative) constitute beliefs and affect (Maio,
Haddock & Verplanken, 2018; Chiu, 2002; Eagly & Chaiken, 1993; Lazarus, 1982). Thus,
based on the empirical evidence from this study, social media consumers hold both cognitive
and affective attributes such that positive attitudes that lead to positive adaptation behaviours
and negative attitudes result in negative adaptation behaviours.
The results of this research support that PO has a significant and direct effect on positive
adaptation. Consumers tend to regard social media as a perceived opportunity due to its
performance, relative advantage, ease of use and convenience, which affect their cognitive
utilitarian attitude. Consumers perceive that social media is compatible with their needs and
provides them with convenience, success and improved performance (Dey, Yen & Samuel,
2020; Bala & Venkatesh, 2016; Venkatesh, Thong & Xu, 2012). As a result, consumers tend
to explore various features on social media (exploration) and also make more intense use of
the social media platforms or applications that they find much useful (exploitation). This may
provide a plausible explanation for consumers’ use of various features within the likes of
Facebook and Instagram (e.g. check-in, games, photo editing). The findings also provide an
explanation for why consumers try various social media platforms such as Facebook and
LinkedIn. Having said that, it is often noticed that some consumers are less likely to try and/or
explore all features and continue to use certain platforms and their features in a more frequent
manner. This is why, it is noticed that Twitter is often preferred by special interest groups,
while TikTok became popular during the COVID-19-induced stay home period when
consumers made innovative video applications.
Furthermore, the findings indicate that PSI has a significant direct effect on positive adaptation.
This means that consumers perceive cognitive social pressure for social interaction, social
ties and social support. Thereby, they seek to maximise as well as satisfice social media led
benefits. Peer pressure and normative practices encourage and also may enforce them to
positive engagement behaviours. Social influence further enhances engagement with these
cutting-edge platforms. Consumers tend to believe that they are socially supported on social
media platforms and harness these platforms for continuous social engagement (Dey et al.,
2018; Kreps, Kimppa & Aricat, 2016; Ali, 2011; Hsu & Wu, 2011; Wei et al., 2009). Hence, the
result alludes to the influence of consumers’ cognitive psychological pressure on their social
relations, interaction and provide social support, as suggested in existing literature (Trivedi et
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al., 2018; Grace, Ross & Shao, 2015). However, this paper advances existing body of
knowledge that suggests social influence as an antecedent to adoption. This paper
hypothesises and validates PSI’s influence on positive adaptation.
Our findings also indicate that perceived control has a significant direct effect on positive
adaptation, which means that consumers tend to explore to maximise and exploit to satisfice
social media benefits when they have control over social media platforms. Their attitude in
growing autonomy on social media platforms, aligned with prior post-technology-adoption
literature, concurs with the empirical findings of this study. This is aligned with prior literature
that consumers would have a positive attitude towards social media platforms if they were
provided with more control (Cheung, Lee, & Chan, 2015; Tucker, 2014). Thus, PC is
consumers’ cognitive attitude, which enhances their positive attitude towards positive
adaptation behaviour. On the other hand, it is also interesting to note that perceived control
has a significant direct effect on negative adaptation. The more control an individual is likely
to have, they are likely to enjoy the liberty to revert and/or avoid cutting edge social media
platforms.
The findings in this research provide empirical support that consumers’ attitude also
constitutes the affective components of enjoyment, self-enhancement, trust and fear, which
means that cognitive attitudinal attributes are not the sole determinants of the adaptation
behaviours. Affective components play a significant role in consumers’ subsequent
interactions with social media platforms. Results of this research indicate that enjoyment has
a direct effect on positive adaptation. Consumers are driven by enjoyment (hedonic and
emotional), which drives their attitude to positive adaptation. Hence, when consumers enjoy
social media platforms, they tend to explore ways to maximise and exploit to satisfice social
media benefits. According to Bala & Venkatesh (2016), exploitation engagement behaviour
refers to more routine use of technology, while exploration to maximise refers to optimum
exploration of technological benefits. Thus, the findings of this study confirm that consumers
tend to go beyond the regular features of social media platforms to positive adaptation
behaviour when they enjoy these platforms. This also underpins consumers’ desire for
innovation and characterises their desire to explore new features, which has a bearing on the
success of Web 2.0 and smart technologies. Hence, consistent with prior research, this paper
asserts that consumers’ affective needs lead to pleasant hedonic motivation, which drives their
elements of enjoyment (Liang et al., 2019; Chiang, 2013; Kim, Gupta & Koh, 2011) and their
engagement in sensations (Lin, Gregor & Ewing, 2008; Nov, Naaman & Ye, 2010).
Another important finding of this research is the important role of self-enhancement on positive
adaptation, which means that consumers seek to maximise as well as exploit to satisfice social
media benefits when their hedonic self-enhancement increases. Their self-fulfilment status
and image on social media platforms enhance their self-esteem, due to which they present
more of their self-focused status on these platforms. Self-status and self-esteem gratify social
media consumers’ self-fulfilling hedonic needs of self-esteem and enable them to portray the
desired impression on social media platforms (Hepper et al., 2011; Ali & Lee, 2010). Thus, the
empirical evidence from this study confirms that self-enhancement drives consumers’ positive
social media adaptation behaviour.
The other major finding of this research is that fear of social media platforms enhances
consumers’ negative attitude. Our results indicate that fear has a significant direct effect on
negative adaptation, which means if consumers feel that their well-being is threatened by
social media platforms, they will tend to revert and avoid these platforms. Thus, the findings
provide empirical support that as consumers’ fear of social media platforms increases, they
tend to revert or abandon social media platforms altogether. Consumers develop feelings of
anxiety towards the social media platforms, and this anxiety may lead to incompatibility with
these cutting-edge technologies (Bala & Venkatesh, 2016; Cheung et al. 2015). With the
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growing concerns regarding big data digital footprints, consumer privacy and breaches of data
security, consumers’ fear is justifiably linked with their decision to revert or abandon social
media. Fear may well be prevalent for all forms of cutting-edge technology and can be
attributed as a reason behind consumers’ decision to revert or abandon the use of such
technology.
In addition to fear, the results show that trust has a direct negative effect on negative
adaptation behaviours. This result signals that trust has a significant role in consumers’
negative social media adaptation behaviour. Drawing on this finding, it can be argued that
consumers would not tend to revert or avoid social media if they feel that these platforms are
trustworthy. This finding is aligned with prior literature that consumers’ trust is influenced by
trustworthiness in service providers’ reliability and credibility. Such feelings enhance their
loyalty and influence their social media adaptation (Gamboa & Gonçalves, 2014; Terres, dos
Santos & Basso, 2015). Thus, the findings provide empirical support that consumers’ lack of
emotional trust would engage them in negative engagement behaviour.
7. Theoretical contributions
This study builds on technology adaptation scholarship by developing and validating a unique
model of consumers’ positive and negative adaptation behaviours for social media use. The
study empirically assesses the ways in which consumers undertake positive and negative
adaptation behaviours on social media platforms. These behavioural patterns are examined
in the context of cutting edge platforms while assessing the influence of both cognitive and
affective attitudinal antecedents. This study makes a novel contribution to the existing
literature of technology use (Dwivedi et al. 2019; Rana et al., 2017; Dey et al. 2011) and
adaptation (Bala & Venkatesh, 2016; Venkatesh et al. 2012; Beaudry & Pinsonneault, 2005),
as it pioneers scholarly works on consumers’ positive and negative adaptation behaviours for
cutting edge technologies such as social media platforms. The seminal adaptation model (Bala
and Venkatesh, 2016), that has received significant research attention, does not classify
adaptation behaviours in terms of positivity toward continued use of technology. The validated
model, presented in this study, fills this literature gap by elucidating the influence of combined
attitudinal attributes on positive and negative adaptation behaviours. This contribution to
theory provides much nuanced insights into consumers’ engagement with cutting edge social
media platforms. In so doing, this paper provides a new perspective towards assessing and
ascertaining consumers’ use of technology. From information systems perspective, increased
use of technology denotes positive contribution to business (Liang & Xue, 2009). On the
contrary, any intent to revert and/or avoid to use technology is negative for IS related products
and businesses. As such, the classification of positive and negative adaptation behaviours is
important to conceptualise consumer adaptation from a commercial perspective.
This research contributes to the post-technology-adoption literature (Jia et al 2017; Rezvani
et al. 2017; Terres et al. 2015) by examining consumers’ subsequent interaction behaviours
that they undertake to cope with cutting edge social media platforms. Hence, the paper
explains how and why consumers’ choice of certain adaptation behaviours is influenced by
factors such as fear, trust, enjoyment and self-esteem. Similarly, this is the first study that
focuses on consumers’ both cognitive and affective attitudinal components towards social
media adaptation behaviours. This is an important and significant contribution of this paper
that also paves the way for future research to analyse comparative impact of different
attitudinal components on adaptation behaviours. Thus, the combined attitudinal attributes
offer new insights into understanding consumers’ positive and negative adaptation behaviours
with the cutting edge technological platforms.
Moreover, the study is novel in terms of its use of trust and fear as antecedents to negative
adaptation behaviour on cutting edge technologies such as social media platforms. As
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discussed, trust and fear have been identified as key antecedents to consumer adoption and
continuance intention in the existing literature (Szmigin, 2018; Ghosh et al. 2014; Lee et al.
2013). However, the fact that the two factors could play crucial roles in consumer adaptation
of technology, has received scant attention in existing scholarship. This paper contributes to
the current body of knowledge by analysing the causal links, as showcased through the
conceptual model.
7.1 Managerial implications
The paper offers useful managerial implications by drawing on the influence of users’ attitude
on the adaptation of cutting-edge technology. Based on this study, it can be suggested that IS
designers and marketers ought to develop trust amongst their users. Higher level of trust will
encourage user positive adaptation behaviour; exploration and exploitation of technological
features. On the other hand, if consumers are apprehensive about the technology and fear
that their privacy and security can be compromised, they are more likely to engage in negative
adaptation behaviour (revert, abandon and/or disengage with the technology). While stricter
measures on privacy and security on social media sites remains a key to encourage user
engagement, it is also important to inform and update users about those measures so that
they develop higher level of trust.
Consumers’ active engagement on social media platforms (e.g. Facebook, Twitter, Instagram
and LinkedIn etc.) is required by brands and businesses to generate more leads and influence
their buying behaviour. Therefore, to enhance consumers’ active social media engagement
for achieving a range of marketing goals, brands and social media providers need to apply
stricter measures on privacy and security such that consumers’ engage in positive adaptation
behaviours and generate more leads, optimise conversion, enhance brand engagement and
advocacy. For instance, it has been noticed that a controversial security update by WhatsApp
resulted to huge customer churn1. On the other hand, Facebook’s privacy measures boosted
customer trust. Recent public feud between Facebook and Apple on the privacy measures,
applied in their product offerings, also indicates the importance of consumer trust in social
media applications2.
In addition, by strengthening higher level of trust and positive adaptation behaviour,
consumers generate higher level of content (useful for profiling, personalisation and
customisation) and positive eWOM on social media platforms. It would result in more content
consumption created by brands and social media brand communities driving their purchase,
repurchase and engagement with brands. This would also result in excessive referrals, cocreation and brand advocacy.
Finally, the research finds positive influence of perceived control on both types of adaptation
behaviours. It is extremely important for IS designers and marketers to offer enhanced control
over technology use so that consumers can have opportunity to choose appropriate adaptation
behaviours. As such, marketers can choose to promote their brands in various platforms such
as Facebook, LinkedIn etc based on their target consumers’ predictable engagement and
interaction. This research also offers useful insights for social media and app developers to
assess their target customers’ motivation for and the nature of interaction and engagement
with certain platforms and applications. While this research focussed on social media-based
interactions, it can also be applied to other technological applications, cloud computing and
smart technologies (smartphones, smartwatches and virtual assistants/AI technologies: Siri,
Alexa, Google Home etc.).

1

https://www.bbc.co.uk/news/technology-55634139
https://www.bbc.co.uk/news/technology-55339569
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7.2 Limitations and future research
This study has some limitations that should be acknowledged. First, it was carried out using
social media platforms in general. It was difficult to confine this research to a single social
media platform. Therefore, identifying the impact of the cognitive and affective attitudinal
components for a single social media platform is an avenue for future research. Second, this
study tested the model on social media consumers, whereas future studies could focus on
social media users in general. Third, this study tested both cognitive and affective attitudinal
attributes on social media technologies: future research could extend the model to other
technologies. The proposed model in this study has a broader scope and therefore future
research could also extend it to different contexts, including cross-cultural settings. Finally,
this study used cognitive and affective attitudinal components as the antecedents of the
positive and negative adaptation behaviours. Future research could extend the model by
giving consideration to the hierarchical and causal nature of cognitive attitude preceding affect
or vice versa, thereby giving deeper insight into the causal nature of attitudinal attributes. Thus,
future work could be extended to use different approaches to examine the attitudinal attributes
and adaptation behaviours.
8. Conclusion
This study examines the combined impact of cognitive (perceived opportunity, perceived
social influence, perceived control) and affective (enjoyment, self-enhancement, trust and
fear) attitudinal attributes on positive and negative social media adaptive behaviours and how
they influence consumers’ engagement with social media platforms. The study confirms that
cognitive and affective attitudinal components drive consumers’ both positive and negative
adaptation behaviours on cutting edge social media platforms. These findings provide rich
understandings to marketers to make appropriate psychographic and behavioural
segmentations for cutting-edge technology users. In addition, the positive and negative
adaptation behaviours also extend our understanding to identify why consumers choose to
engage in new technological applications and, notably, how factors such as fear and trust can
influence their decision to continue and/or discontinue to use technology despite their
perceived utilities and benefits.
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